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• Model demonstrates good discriminative ability 
(high AUCs, high TPRs, low FPRs)

• Informative priors incorporate the commonality of 
certain event types (dampen impact of common 
events on the LR)

• However, it is sensitive to imbalances between the  
strength of the prior distribution and the number of 
observed events (geolocation + app boxplots)

• Future work could improve this model by 
incorporating sequence information, inter-event 
times, time-varying event patterns, and potential 
relationships between event types
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Requires specifying K event types of interest
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TPR@1 and FPR@1 use 1 as a threshold for each LR. Noninformative 
vs. informative refers to the Dirichlet prior (symmetric vs. asymmetric).
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